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 Automatic text summarization attempts to generate a concise version of the original 

document so that the main point of the original document is preserved. In according to 

increase amount of medical texts and not having enough time to read all the texts; 
automatic text summarization is essential. Therefore, Automatic text summarization 

based on the mean and precision is challengeable debate currently. In this paper, we 

present an ontology extraction method based on support vector machines for 
summarizing medical literature and eventually single document is provided. Proposal 

system is used by combination of surface and semantic features in order to extract 

features. Then, support vector machine is used in order to extract medical texts. 
Evaluation shows improve of the quality and accuracy in proposed system in 

comparison with other similar methods.  
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INTRODUCTION 

 

Automatic text summarization fundamentally is a process of information. Create summary is an intelligent 

attempt which needs to general identification of issue and in general includes important information. In overall, 

aim of automatic text summarization is compressing and minimizing main text in order to maintain content and 

general resources. Summarization of texts leads to higher speed and richer information. Today, Summarization 

of texts is important in according to time and less patient of customers. Findings of document related to need of 

information is difficult. When we find numbers of related documents, we should have sufficient time for 

summarizing or probably writing report based on these documents. Summarization of processing text is a 

processing, which use document as input and return shorter document as output and includes important section 

in the text [1].  

 

Literature review: 

Automatic summarization is the process of reducing a text Document with a computer program in order to 

create a summary that retains the most important points of the original document. As The problem of 

information overload has grown, and as the quantity of data has increased, so has interest in automatic 

summarization. It is very difficult for human beings to manually summarize large documents of text. Text 

Summarization methods can be classified into extractive and abstractive summarization. An extractive 

summarization method consists of selecting important sentences, paragraphs etc. from the original document 

and concatenating them into shorter form. The importance of sentences is decided based on statistical and 

linguistic features of sentences. Extractive methods work by selecting a subset of existing words, phrases, or 

sentences in the original text to form the summary. The extractive summarization systems are typically based on 

techniques for sentence extraction and aim to cover the set of sentences that are most important for the overall 

understanding of a given document. 

In frequency-based technique, obtained summary makes more meaning. However, in k-means clustering 

due to out of order extraction, summary might not make sense. 
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Automatic text summarizations: rely on sentence 

Human professionals also often reuse the input documents to generate summaries; however, rather than 

simply extracting sentences and stringing them together, as most current summarizers do, humans often "edit" 

the extracted sentences in some way so that the resulting summary is concise and coherent. We analyzed a set of 

articles and identified six major operations that can be used for editing the extracted sentences, including 

removing extraneous phrases from an extracted sentence, combining a reduced sentence with other sentences, 

syntactic transformation, substituting phrases in an extracted sentence with their paraphrases, substituting 

phrases with more general or specific descriptions, and reordering the extracted sentences.  

 

Support Vector Machine: 

SVMs Christian and Shawe-Taylor, are a relatively new type of learning algorithm, originally introduced by 

Vapnik and co-workers and successively ended by a number of other researches. Their remarkably robust 

performance with respect to sparse and noisy data in making them the system of choice in number of application 

from categorization to prediction function.  

When used for classification they separate a give set of binary-labeled training data with hyper-plane that is 

maximally distant from them (known as maximal margin hyper- plane). For cases which no linear separation is 

possible, they can work in combination with the technique for „Kernels‟ that automatically realizes a non-linear 

mapping to feature space. The hyper-plane found by SVM in feature space corresponds to a non-linear decision 

boundary in the input space.  

 

Summarist: 

SUMMARIST (Hovy and Lin) aims to generate both extracts and abstracts from any domain. Its technique 

lies on the „equitation‟ summarization= topic identification+ interoperation+ generation. The first step is to 

identify the most important and central topics in the paper. The interoperation stage processes the topics, 

rephrases and compresses them removes redundancies and merges topics into more general ones (simple 

concept generalization, script identification). Generation aims to reformulate the interpreted data into new text. 

Its architecture is designed such that the output you want depends on how much processing you do on the text. 

SUMMARIST‟s architecture is designed such that the output depends on the amount of processing that was 

done on the text.  

 

Proposed Algorithms: 

Automatic text summarization includes three steps of pre-processing text, processing text and creates 

summarization. Step of pre-processing includes omitting added information. In other words, the text is prepared 

for processing. In the last step, the important part is remained and includes interpret or processing of the text. In 

this level, important level is scoring. In last step, summarization is created based on processing steps. In 

according to the study proposed methods are as following: 

  

Pre-processing:  

In first step, text is breakdown to sentences. Public sentences and passages are omitting, since they are not 

beneficial for identifying relationship between sentences. Output of this level is presentation and presentation of 

each row is important words and processing of a sentence from the text.  

 

Display text with a domain ontology tree:  

In this level, we should attach words to tree nodes and shows sentences based on sub-trees of ontology. 

Therefore, we extract relationship between networks of UMLS. Output is a tree domain ontology.  

 

Evaluation: 

In current research, we used database of BioMed, which has 213529 researches about medical fields. All of 

this research have XML format, which have following sections:  

Title, presentation of methods and tools, conclusion and finally references  

In present research, we transfer of research to normal text and use it for evaluating output system. Available 

summarization is used for database also for analyzing quality and performance of database. We used methods of 

evaluating output of system as following: 

1. Comparing summarization with summarization of references 

2. Evaluating summarization by human reviewer 

 

Furthermore, results of proposed system are compared with MEAD methods. We used summarization of 

the research in summarizing of the system and this size is between 10% to 50%.  
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Evaluating summarization by reviewers: 

In this method for evaluating the system; we wanted from six people, we studied from some researches, and 

we score to summarization other methods by 1 to 5. Mean of proposed method I better than summarization of 

MEAD. Based on all of that has been said, we wanted from users to summarization of proposed system of 

MEAD and main summarization of research ( Gold Summary) between 1 to 5. We want from viewers to score 

main summarization and research. Horizontal line show number of reviewers and vertical line show score of 

reviewers. In most of time proposed method can achieve more score compare with MEAD and also has low 

distance from summarization.  

 

 
 

 
Fig. 1: Proposed methods of activities 

 

Conclusion and discussion: 

In current research, we provided extract method based on Ontology- Medicine in order to summarization of 

medical text of solely document. Proposed system is used for combining surface and semantic techniques for 

extracting features. Then, we used support vector machine in order to improve accuracy and extract medical 

text. We evaluate by using scientific medical research of Biomed database by improving quality and accuracy of 

proposed system in comparison with similar methods. In according to tests which have been done; proposed 

system can show good efficiency and it has better accuracy compare with other groups.    
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